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A Method of Multifeature Character Recognition
Using a Neuro—fuzzy System

Won Ho Choi
Dept. of Electronic Engineering

<Abstract>

A neuro-fuzzy system for the multifeature character recognition is proposed. Two
neural network classifiers are used to classify two sets of character features. The
outputs of the classifiers are transferred to the fuzzy inference engine to make decision.
With this multifeature and fuzzy decision making method, the improved rate of the
recognition are varied with the recognition rate of the single feature system. It is shown
that the rate of 1 ~ 8% is improved than the single feature recognition system, and that
the system can work more effectively when the single system has low recognition rate.
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Table 2. Recognition rates of the single feature system and the multifeature system

. 105 113 125 135 145 155 165
| Rue (%) 98.25197.0 | 95.5 | 93.75| 91.5 | 87.25| 84.25
Reurti (%) 99.9 199.0 | 99.0 {97.5 | 96.0 | 94.5 | 92.0
Routti~Rav 1.25( 2.0 3.5 3,75 4.5 7.25¢ 1.75
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